
International Journal of Pure Science Research 

 

ISSN NO : 1844-8135 

 

VOLUME 12, ISSUE 1, 2025 PAGE NO: 9 

 

 

Big Data based Travelling Route 

Recommendation on Social Media 

Prof.A.V.Sagare 

Department of Computer 

Engineering,PICTPune 

 
 

 

Abstract—Socialmediadataoffersdiversewaystotakeashot 

atmany placesand one of them is travelling. This paper 

presentstravelguidance fromthe two,experiences of avisitor and the 

various categories ofweb metadata (Geographical places, 

Seasons and schedule). The proposed system consider clients 

journey interestand additionalelementslikeduration,season. To 
predict client’s travelling arrangement,Online networking is a 

popular way of communicating surveys and connecting with 

individuals.Opinionsanalysisisusedtoseparatebetweenrough 

opinionsandthesuperiorone.Theproposalcanbeverifiedusing 

metrics such as Precision and Recall which provides best 

comprehensionof the results obtained.  

IndexTerms-SentimentalAnalysis,travelogues 

 

I. INTRODUCTION 

At the point when a man wants to visit another town, 

numerous travel direct sites like TripAdvisor can offer an 

assortment of comprehensive of travelogues and previews for 

clients to orchestrate visits. Specifically, there might be a 

developing difficulty approximately in personalized tour tips 

that may efficaciously combine user options(e.g. social, 

cityscape or scene). 

With the thriving of online networking and the ac- 

complishmentofnumerousphotosharingsites,asPicasa and Flickr, 

Facebook, Instagram the degree of the group contributed pics 

has extended radically. Such substantialscale communal 

contributed pictures incorporate rich metadata alongside labels, 

time, and geo-areas. These staggeringamounts of statistics 

related to context on the web, although most of it not relevant to 

what is needed, are reasonably valuable for interactive media 

applications including comment, seeking, promoting, 

advertising and suggestion. 

Recommender framework has adequately and effectively 

exploited data to analyse records overload. In eCommerce, 

Amazon, it is crucial to adapting to mass size of data, including 

suggesting individual wanted things and items. A survey 

demonstrates that as a base 20 percent of the dealsin Amazon 

originate from the utilization of the social media. It can be 

viewed as the first time of Recommender frameworks with 

filtering calculations and greedy calculations to foresee the 

client’s course to allow it to plan proper trip. In any case,with 

the quickly developing assortment of enlisted clients andvarious 

stock, the issue of cold begin for clients (new clientsinto the RS 

with less connections) and the sparsity of datasets (the extent of 

available information about an individual place from the sets) 

were progressively more increasing. 

Duetomanyfollowingissueslandmarksuggestionsis a 

challenging problem in field of recommendation. first, 

Information Sparsity, The points of interest chatted with the 

guideofansingularclientisratherlittlewhencontrasted with the 

aggregate points of interest from multiple clients,which brings 

about an absolutely less relevant userspot matrix. This 

inconvenience torments the greater part of the current 

recommender frameworks which uses collaborative approach. 

second, To Travel clients tend to visit things which may be 

close-by to their household areas. For instance, an examination 

of Foursquare records recommend that 45 percent of voyagers 

visit9milesorsignificantlyless,while75percentvisit40miles or 

much less. Travel region makes the recommendation more 

noteworthy troublesome. On one hand, there might be few orno 

noteworthy movement activities related to the area in the 

vicinity. Again, tourists who could be comparable tothe current 

user of system(this is, people who show off similar vicinity 

pursuits.) may additionally have now not visited place close to 

the area. 

II. REVIEWOFLITERATURE 

The frameworkin[1]isthesystem which automatically 

mines visitors tour interest from photograph collections 

furnishedbymeans ofusers onsocial media which incorporates 

consumption capability, desired time and season this isessential 

to path making plans. The device recommends Points of 

Interests(POIs) to people on the idea of his personal interest not 

on interestofmanypeople.Thesimilarityamong individual 
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bundle and course package deal presents rating of well-known 

routes, and top ranked well-known routes are in addition opti- 

mized in line with recognize to a users adventure information. 

The system affords Topical Package Model(TPM) techniqueto 

look at users and routes tour attributes. It decreases the 

difference between the explorers intrigue and course suggested 

by the model or framework. 

A system in[2] byY. Gao is asystem which guides about 

landmarks used in the dense areas where there aremany 

landmark and people are confused about which land markto 

visit first. The system has it merits like Removal of noisy 

photos, Tag relevance calculation, Landmark ranking and 

demerits like two geographical adjacent places of interest are 

inclined to be converged at times. Dishonestly perceive 

landmark and tag it as a place of interest. 

Yan-Ying Chen, An-Jung Cheng defined a model for 

journey suggestion [3] which uses pictures to determine at- 

tributes abouthumanbeingslikerace, gender, age andalsotype of 

group i.e. Own family, pals, couple and additionally uses 

spatiotemporal analysis(time and location). It enables 

toanalyzehumanactivitiesandmaybecarriedoutincellu- lar 

surroundings. Because of strategies the technique has a 

boundlessfundamental application area and circle of relative 

spots through thinking about trip routes taken byexplorers. The 

framework’s central objectives are to utilization of the human 

properties and social setting found in those pictures to rely on 

the type of gathering demonstrated inside the photograph also, 

show the advantage of checking human travel ways. Enhance 

the customized travel suggestion, particularly in the locale 

wherein people have various options of the associative areas. 

A system portrayed in [4] through Xueming Qian in- 

fluences utilization of social components to like client’s own 

special leisure activity, relational preferring closeness, com- 

panion’s effect on voyager and the other way around is utilized 

for suggestion of courses. It fathoms the inconvenience of new 

begin clients (the person that just began the utilization of the 

framework) and sparsity inconvenience (machine which has 

muchlessinformationroughlyacityinthis way,the suggestion isn’t 

great) likewise because of these endowments the framework is 

used in overview of anyhistoric point or area for tourism 

thought process and in areas were data is low and still the 

trekkers require suggestion. But since the obstructions are 

concerned if the client has more contacts the frameworks willbe 

more productive and will tend toward precision in anyother case 

the contraption will be less exact and components like clients 

points of interest time, cost,season should be taken 

underneathconsiderationinthemeantimeassuggestingaway. 

S. Jiang created a collaborative filtering primarily based 

version[5] whereinissue ofsparsityis tackledto alittle degree. 

Forinstance,recommendingaregioninlight according to or by 

comparing toincluded areas ofcurrent user’s compan- ionsand 

partners.Theframeworkisutilizedinlocations where records are 

low and nonetheless the tourists need advice and additionally 

inside the towns wherein travel journals aren’t accessible. 

The overwhelming issues is that no utilization of travelogues 

which give more prominent contextual records roughly about 

POI than the geo-labeled pictures and model cannot be utilized 

asapartofcitywhoserecordsissignificantlyless. 

The technique in[6] is aframework named as GEO-sage 

which is worked by Weiqing Wang and considers ones 

individual intrigue and neighborhood people groups enthu- 

siasm of that zone to recommend courses in that place.Its some 

other feature is to recognize vacationer inclination from local 

decision. The most essential utility can be to do reviewof any 

historic point or region since it takes underneath thought the 

people or groups that have permanent residencein thatlocality. 

In travel suggestion utilization of numerous different factors 

and characteristics are crucial for additionalinvestigation of rich 

online networking information thus this frameworkdoes not use 

factors like time, costs, zone, season to go to furthermore, 

moreover doesn’t have an improvement of routes and in 

addition does not have ranked based courses module which give 

more choices to choose from for the individual or visitor. 

N Kumar in [7] proposed a framework named face tracer 

whichisutilizedasapartoflawimplementation,witnesses to 

wrongdoings could utilize our framework to rapidly limit a 

rundown of conceivable suspects and afterward recognize the 

genuine criminal from the list, sparing time and expandingthe 

oddsoffindingtheperfectindividualandOntheweb, our face web 

search tool includes and coordinates for infor- mal 

communication sites, for example, Facebook furthermore, 

Myspace, which contain vast quantities of pictures with indi- 

viduals. The System is Fully automatic, processing is done off- 

line and easyto scale. Also provideusers to search the database 

on the basis of features of the persons face. But it also has 

shortcomings Like the system cannot handle something beyond 

frontal appearances would require that we characterize the face 

areas for each posture. More complex queries should be added 

or implemented rather than having simple queries on diverseand 

big database. 

Yu-Ting Wen proposed a system [8] wherein user can 

specify set of keywords and area to be queried, then checkin 

information is used for course prediction. Combining a couple 

of measurements of routes and bymeans of the usage of course 

reconstruction approach various experience routes throughout 

the place that is decided and is displayed. This sort of mining 

improve coverage of input data. The recommender system can 

help to provide recommendation in any areas as it can provide 

region to define as well as keywords to specify different placeof 

interests or landmarks or historic spots. The concepts and 

algorithms used make the approach more user friendly. 
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III. SYSTEMOVERVIEW 

A. ProposedModel 

The users tour attributes which include POI, expense and 

favouredtimeandseasoninwhichtovisitaretakenand 

thisinformationgiventotheframeworkandasuggestion 

i.e.successiverouteofregionofinterestsinadvancewith the people 

necessity, Representative labels are mined from travel journals 

and also the pictures from the online social networking. As 

there numerous insatiable calculations the most capable 

arrangement of standards of them on the thought of framework 

necessity could be travelling salesman problem, steps which 

could supply us the shortest or brief path amongthe areas and 

counselled by usage of the content material primarily based 

completely filtering algorithm. 

1) The traveljournals additionally accommodate suggestion 

about the money spent with the resource of the person or 

tourist on the place of pastimes inside the area. 

2) Seasonal year is divided into a proper travelling seasonby 

using information from the photographs of social media 

like date and time metadata. 

3) Critiques from customers visited earlier than supply the 

comments related to their journeying moments in termsof 

nice or awful level which can be elements to undergoin 

mind for the next site visitors. 

4) An algorithm for stemming is used to rework the terms 

from its original form to its root form wherein 

thesuffixesareaddedtoitsunique root form.thesetofrules 

calculates every permutation and combination that can 

shape a phrase the use of suffixes. the assessment 

characteristic of the technique ought to additionallyhave 

stopword idea to do away with all of the vain phrases 

from critiques of users and additionally tok- enization 

concept to facilitate the working of analyzing thecritiques 

as good or bad. Sentiment assessment is 

adequatelybenignin amusingmediamonitoring as itlets 

inustoanoutlineofthepublictowardstheplace. 

5) Additionally using content material filtering approach 

alternatively of collaborative approach for overcomingthe 

dilemma of a new start/sparsity trouble. the content 

filteringsetofregulationsrightheredoesnotexaminethe 

active traveller requirement with different tourist searchas 

studied in collaborative filtering however the set of rules 

compares the input with the database im- mediately 

therefore putting off the trouble of getting buddies or 

mayberecordsapproximately aboutothertourists likings. 

B. Working 

Dataset is stored on the server in tabular form taken 

from Trip Advisor site as it provides more information that can 

be used for recommendation like travel journals, longitude, 

latitude ofplaceandreview relatedto theplace. First the review 

retrieved from the dataset are stemmed to its root form then 

they are sentimentally analyzed to gain more information 

abouttheopinionofthepublicabouttheplaceanditisshownin more 

understandable form so future visitors 

can assess the place, this all is done by using concepts of 

sentiment analysis and stemming. The second phase would beto 

take the users input according to his or her interest and 

comparing it with the databaseretrieved from dataset as itwill 

lead to elimination of sparsity problem and thus providing us 

with POIs which satisfy the users requirement along with 

metadata associated with it. Last but not the least, the output 

from the secondphase which is filtered POIs accordingtousers 

interest will beprovided as an input to greedyalgorithm to find 

out the shortest path between those POIs so that the user may 

visit these spots in lesser time. 

C. SystemModules 

 

 
Fig.1.SystemModuleView 

 

By examining numerous previous papers and also through 

taking under interest the constraints and inadequacies of past 

methodologies six modules were created to overcome not 

everything but some of the challenges faced with preceding 

recommendation structures. The module may get and transmit 

information to different modules. The depiction of these 

modules is as per the following: 

 

A. Online(administrator): 

1) Seekmodule: 

This module might beusedbytheadministratorif a place 

which is sought by the individual isn’t generally found 

after which by means of utilizing this module the 

administrator will transfer the sought POI by getting the 

notice. 

2) Add/Removemodule: 

This module may be dealt with by Admin to incorporate 

or to wipe out certain POI from the database. 

3) Notification/alertmodule: 

Atthepointwhenavoyagerlookstofindatownanddoes now 

not discover it, a alert progressively given to the 

administrator for this motivation to include the coveted 

POI or town of the individual. 

B. Offline(Client): 

1) Seekmodule: 

The individual enters a town’s POI to which he or she 

wants to visit. 

2) Moduleforprevioussearch: 

TooffertheclienthistoryaboutthebeforesoughtPlaces 
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and furthermore spares preparing time when individual 

enters the same again. 

3) Displayendresult: 

To displaythe recommendations according to the person 

desires. 

 

D. Algorithms: 

1) Stemmer 

To convert the word with suffixes to its root form 

stemming algorithm is used. Initial step to check whether 

thewordcontainavowelorconsonantwithproper word. 

a) step1() :removal of plurals and different suffixes 

like-ed or-ing.e.gcaring-careand deleted-delete 

b) step2() : converts terminal y to i if there is another 

vowel in the stem. 

c) step3():mapsdoublesuffixestosingleones.so 

-ization(=-izeplus-ation)mapsto-izeetc. note that the 

string before the suffix must give m() greater than 0 

e.g industrialization - industrialize 

d) step4() : includeswith -ic-,-full, -ness etc. same 

working to step 3. gyroscopic - gyroscope 

e) step5():removes-ant,-enceetc.,incontext 

(c)vcvc(v). e.g. dependence - depend 

f) step6():eliminatesafinal-eifm()greaterthan 

1. Stem the word set into the buffer of Stemmer 

through callingthe add function. Returns genuine if 

the stemming process brought about a word not 

quite the same as the input information. 

2) ContentFiltering 

a) A threshold is set to some value for which the 

similarity between items will be calculated and on 

the basis of that threshold the item will be selected 

b) Similarity between items will be calculated. So,first 

the similarity = 0. 

c) Similarity will depend on the attributes of the item, 

we haveto comparetheitem to besearchedandall the 

items available. 

d) So,wetakeexampleofabook 

a. Ifgenresarethesame,add0.15tosimilarity 

b. Ifauthoristhesame,add0.50tosimilarity 

e) Returnsimilarity 

f) If the similarity is greater than threshold then addthe 

item to the recommendation list. 

3) TravellingSalesmanAlgorithm 

Initial the database provides us with the data about the 

distances between every locations and landmarks. 

a) A graph isdrawnfrom everylocation to everyother 

location 

b) From the initial point smallest distance among the 

everyotherpointiscalculatedandputintothestack. 

c) As there will be 2 point in the stack the initial one 

and the other where we reached so from where we 

reached we have to do the step 2 again till all the 

points recommended are not finished. 

d) Bydoing so markthevisited point as1 until allthe 

point are visited 

e) Finally when all the points are in the stack pop out 

them and join them and your shortest path will be 

available. 

IV. SYSTEMANALYSIS 

As to illuminate the problem of cold start as the user 

doesn’tneedtohavefriendsoranycontactwithotherusers of system 

as the users interest will be directly compared with 

databasetakenfrom TripAdvisor which areparameters likelink 

reference(travelogues), longitude, latitude, location name and 

city itself as input for the algorithms. As the first algorithm 

implemented is for the purpose of sentiment analysis, the 

reviews are fetched from the link as the review words are 

tokenized to take the words separately for the input to porter 

stemming algorithm and then the remaining words in revieware 

treated as stop-word and are eliminated. 

For e.g. if the review is ”This historical place is prideful and 

lovely to watch” then the tokens will be 

(1,prideful) 

(2,lovely) 

These tokens i.e. 1 and 2 for prideful and lovelyare 

providedtostemmingalgorithm to convert toits rootformi.e. 

prideandloveThewordsarecomparedtothe NLP dictionary to see 

the words are related to good or bad opinion andthen added to 

thecount to of goodor bad reviews about the place depending on 

the results from NLP dictionary. As the porter stemming 

algorithm is used as it requires less software and hardware 

requirements and also less computation logic as compared to 

other techniques like lemmatization whichrequires database for 

morphological order as well asfor vocabulary. 

Then the actual work of the system starts i.e. content 

filtering whose input will be users interest i.e. city, POI andthen 

content based filtering will be carried on using the input and 

database and result will be the POI suggested by algorithm on 

the basis similarity between the users requirement and database 

for e.g cosine similarity can be used. 

Then the output of content based filtering is used to give 

input to travelling salesman algorithm Distances between all 

thesespots which are suggested bycontent basedalgorithmare 

calculated previously using the dataset taken, so there is 

decrease in processing time required bythe overall system. The 

output of the travelling salesman problem will be thefinal 

output of system i.e. sequence of spot recommended by the 

system according to the users requirement. The travelling 

salesmanalgorithmisusedbecauseitprovidesaneasier way to 

generate the adjacency matrix that includes distances between 

spot, which might be an overhead in different greedy 

algorithms. 

The metrics used to analyze the overall result of 

thesystemarerecallandprecision,thedivisionofpertinent spots 

among the recovered spots is precision (likewise positive 
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predictive value), while the division of applicable detects that 

havebeen recovered overthe aggregate sum ofimportantspots is 

recall. Both accuracy and review are in this way in light of a 

comprehension and measure of pertinence. 

into retrieval of all above data relevant to the given input and 

stored in the database. 

 

precision= relevant 

∩retrievedlocationsretrievedlocations 
(1) 

∩ 
relevantlocations 

Recall 
locations 

retrieved 
(2) 

 
 

relevantlocations 

V. MATHEMATICALMODEL 

 

Our problem statement comes under the polynomial class 

according to definition of polynomial class; the problem is 

solved in P-time. 

Set:S=I,R,P,O 

Where,I=SetofInputs 

R=SetofRulesthatareappliedwhileprocessesare performed. 

P= Set ofProcesses 

O= Set of Outputs 

I=I1, I2, I3 

Where, 

I1: Add Information 

I2: User Information 

I3:TravelInformation 

R=R1, R2, R3 

Where, R1= Get Proper Display 

R2= Find out proper information 

R3= coverage of the clients POI 

P=P1, P2, P3 

Where, P1= Validation of required details 

P2=Process Travel Details 

P3=Recommendation Process 

O=O1,O2,O3 

Where, O1: Data or file processing 

O2: Data accessing properly 

O3:RecommendationofTravels 

 

VI. IMPLEMENTATIONDETAILS 

The dataset is Trip advisor from https://www.tripadvisor.in/ 

website for the details of location. i.e. 

a. Location,review,poi,seasons 

b. The attribute Location and poi is taken as a sensitiveattribute 

in the dataset. 

As mentioned earlier, there are mainly two modules 

admin and user so the figure 2 show admin search module 

which basically searches dataset to retrieve data according to 

users requirement as the data retrieved is as follows longitude, 

latitude, link of the specific individual location, Name of 

location, POI under which it is categorized. So, For searching 

admin has to provide with keyword i.e. name of the city 

andPOIbyselectingfromlistofPOI’s.TheSearchwillresult 

 

 

 

 

Fig.2.AdminSearchModule 

 

When primary information has been retrieved then 

comes the time for retrieving reviews associated with the 

individual location. So, For that use oflinkthat has been stored 

forindividual locationisusedandthenreviews onthat pageare 

retrievedandonthatsentimentanalysisisdoneandall thatdata is 

store in the database i.e. new data stored will be reviews, season 

to visit, calculated score of revies of that location in terms of 

positive and negative as shown in 

fig.3 

 

Fig.3.DataRetrievedfromDataset 

 

 

VII. EXPERIMENTALSETUPANDDISCUSSIONS 

In evaluation, Minimum requirement for execution of this 

application is JDK 1.7 and Mysql 5.5 for the implementation 

andrunon3.2GHzIntelCore2Duo Processor machinewith 4 GB 

RAM. The Microsoft Windows 7 Professional can beused as an 

operating system. So, Four factors should be considered i.e. 

rationality, representation, diverseness, satisfaction. In 

evaluation, other than these four factors, the volunteers should 

also consider whether the routes meet the season preference, 

expenses and time and users interest. In this work, users with 

different gender and generations should be usedtoconduct 

human analysis. 

= 

http://www.tripadvisor.in/
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Before evaluation, the travellers have to understand user’s 

preference by taking under consideration travel records 

including photo from social media, travel journals and reviews 

about landmarks. 

For evaluation of performance the metrics used are the 

weighted average as well as average precision. 

 

WAP=(p+0.5r)=(p+r+i) (3) 

 

AP=(p+r)=(p+r+i) (4) 

where p indicates the quantity of prescribed courses that 

volunteers are exceptionally happy with. r indicates the quan- 

tity of prescribed courses which are generally identified with 

clients inclination, yet should be more analyzed for more 

accuracy.imeanstheprescribedcoursesarenotapplicable to clients 

inclination. 

The results tableshown below basicallyshows that there 

are approaches like FAM i.e. famous route planning without 

ranking and optimization, RFA i.e. ranked famous route 

planningusingusersrequirementwithoutoptimization,OPT 

i.e. optimized route planning with ranking and optimizingwhich 

are compared with proposed system in terms of average 

precision. As proposed approach has not been fully completedin 

terms of execution, by taking under consideration all the 

factors, approaches and algorithms used thus I expect average 

precision for proposed system will be between the range given 

in the table. 

 
TABLEI(PERFORMANCE

RESULT) 

 

Search Proposed system FAM RFA OPT 

Search 1 0.8-0.9 0.62 0.68 0.80 

Search 2 0.8-0.9 0.60 0.64 0.76 

Search 3 0.8-0.9 0.55 0.61 0.71 

 

 

VIII. CONCLUSION 

The proposed version presents suggestion to clients on the 

possibility of their enthusiasm and by implies of consolidating 

their enthusiasm with different components like season, time, 

traveling hours which furthermore affect the proposal 

model.Astheframeworksignificantcomponentthatisassessment 

oftheclientswhowenttoplaceearlierthanthecurrent usergivesthe 

surveysaboutintheirfeelinglikegreat orterrible level which can 

be a perspective to recall for the ensuing site tourist, with a 

view to accomplish better travel suggestion. The utilization of 

content material filtering instead ofcollaborative approach for 

beating the bind of cold be- gin inconvenience/sparsity to a 

degree. As there are various 

propertiesandelementsutilized,thisassistsinadditionaluse of the 

rich huge web-based social networking 

databases.TheframeworkhasnumerousfavorsasitthinksaboutPOI 

of each individual and takes under consideration numerous 

components to prompt a movement succession like the likeness 

between the sightseers necessity and 

embraced accumulation might be a higher match than the 

previous methodologies. 

In future work the system will be tested in different data 

setsaswellasformatsandthesystemwillbealsoupdated to improve 

its performance as well as efficiency and also in terms of 

security. The modelwillalso try to reduce the effectof noisy data 

as well as the effect of sparsity further by using different 

technologies. 

 

 

REFERENCES 

[1] Shuhui Jiang, Xueming Qian, Tao Mei, Personalized Travel 

SequenceRecommendation on Multi-Source Big Social Media IEEE 
Transactionson Big Data, vol. x, no. x, September 2016.  

[2] Y.Gao,J.Tang,R.Hong,Q.Dai,T.-
S.Chua,andR.Jain,W2go:Atravelguidancesystembyautomaticlandmarkra
nking,inProc.ACMInt.Conf.Mul- timedia, 2010. 

[3] A.Cheng,Y.Chen, Y. Huang, W. Hsu,and H. Liao, Personalized 
travelrecommendation by mining people attributesfrom community-
contributedphotos, in Proceedings of the 19th ACM international 
conference onMultimedia. ACM, 2011, pp. 8392.  

[4] X. Qian, H. Feng, G. Zhao, and T. Mei, Personalized 
recommendationcombining user interest and social circle, IEEE 

Transactions on Knowl-edge and Data Engineering, vol. 26, no. 7, pp. 
17631777, 2014. 

[5] S.Jiang,X.Qian,J.Shen,Y.Fu,andT.Mei,Authortopicmodelbasedcollaborat
ivefilteringforpersonalizedpoirecommendation,IEEETransactions on 
Multimedia, vol. 17, no. 6, pp. 907918, 2015.  

[6] W. Wang,H.Yin,L.Chen, Y.Sun,S.Sadiq,andX.Zhou,Geo-

SAGE:Ageographicalsparseadditivegenerativemodelforspatialitem 
recommendation, in Proc. 21th ACM SIGKDD Int. Conf. 

Knowl.Discovery Data Mining, 2015, pp. 12551264.  

[7] N. Kumar, P. Belhumeur, and S. Nayar, Facetracer: A search engine 
forlarge collections of images with 
faces,inProc.Eur.Conf.Comput.Vision,2008. 

[8] Yu-Ting Wen, Jinyoung Yeo, Wen-Chih Peng, Seung-Won Hwang, Ef-
ficient Keyword-Aware Representative Travel Route 
RecommendationIEEETransactionsonKnowledgeandDataEngineering,v
ol.29,no.8, august 2017. 


	I. Introduction
	II. ReviewofLiterature
	III. SystemOverview
	A. ProposedModel
	B. Working
	C. SystemModules
	A. Online(administrator):
	D. Algorithms:

	IV. SystemAnalysis
	VI. ImplementationDetails
	VII. ExperimentalSetupanddiscussions
	VIII. Conclusion
	References

